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Abstract

Pipelined operator tree (POT) scheduling is an important problem in the area of parallel query optimization. A POT is a tree with
nodes representing query operators that can run in parallel and edges representing communication between adjacent operators that
is handled by sending long streams of data in a parallel-pipelined fashion. The problem is to find a schedule for the POT that
minimizes the total response time. This problem has only been previously addressed for homogeneous environments, but the new
parallel database systems tend to be more heterogeneous. In this paper, we consider processors with different fixed speeds (called
uniform processor system). This problem has been shown to be NP-hard even for identical processors. We propose three
approximate algorithms for some special cases of the problem with good low-performance ratio (or approximation factor) bound in
the worst case. The performance ratios of these algorithms, even for the general case, are shown by experimentation to be near
optimal on the average. We will show that the performance ratios of these algorithms, if used for homogeneous systems, are lower
than the previous results. For the general case, we propose an algorithm which has a constant bound on the performance ratio in the

worst case and is near optimal on the average.
© 2003 Elsevier Science (USA). All rights reserved.

1. Introduction

With emerging sophisticated applications on parallel
database systems, such as decision support systems and
data mining that access a large amount of data in most
tables of the database, the need to minimize the query
response time is more than ever. In such systems, the
parallel query optimization which is to find the best
execution plan of the queries, is more important and
complicated than before. To reduce the complexity of
this problem, some researchers have used a two-phase
approach [8,13,16]: join ordering and query rewriting
followed by parallelization and scheduling. In the first
phase, the optimizations of the high-level query opera-
tions are performed, such as algebraic transformations,
reordering of joins, etc. The annotated query tree
generated in the first phase is then scheduled on the
parallel machine, in the second phase. In this phase,
atomic units of the query for parallel execution, called
operators, are extracted first and then scheduled to
provide the minimum response time. Many researchers
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have solved this problem only for special underlying
hardware architectures and/or special groups of queries
[5,16]. But, some others have considered this as a pure
scheduling problem [10,11,14]. We use similar approach
in this paper. One of the most important issues that
must be considered is the parallelism—communication
trade-off [6,7]. Scheduling two communicating opera-
tors on different processors can speed up query
execution, but because of the involved communication
cost, it can also increase the overall query execution
time. To consider this trade-off, the query to be
scheduled is represented as a weighted operator tree in
which each node represents an operator and each edge
represents the timing constraint between operators
[14,16]. A timing constraint is either a precedence or
parallel constraint.

The parallel constraint requires that the two adjacent
nodes start and terminate their works approximately at
the same time and behave as a producer—consumer
system where the producer sends a long stream of
communication data to the consumer.

A weighted operator tree in which all edges represent
parallel constraints is called a pipelined operator tree
(POT) [14]. POT scheduling problem is to find a
schedule of the operators in POT that minimizes the
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total response time. The communication cost in the POT
makes its scheduling different from the classical
scheduling problems. The important part of the com-
munication cost is the send and receive CPU overhead.
This is because the data are transmitted in long streams.
If adjacent nodes in POT are assigned to one processor,
the communication cost between these nodes are saved,
but this would decrease the degree of parallelism.

The POT scheduling problem was first introduced by
Hasan and Motwani for identical processor systems and
was shown to be NP-hard [14]. They proposed several
approximation algorithms for restricted cases of the
POT. Chekuri et al. devised two algorithms for the
general case [4]. The first one, called LocaLCuTs, has
the worst-case performance ratio of HTJW and runs in
O(nlogn) time. The second, called BOUNDEDCUTS, has
a smaller performance ratio of (1+¢)2.87, at the
expense of higher time complexity of O(lnlogn).
Chekuri has also shown that there exists a polynomial-
time approximation schema (PTAS) for this problem [3].
This result is not practical because of its very high time
complexity.

On the other hand, efficient approximate solution for
parallel query optimization in heterogeneous processor
systems has been considered to be a challenging problem
[8,13]. Nowadays, there are many parallel database
systems based on heterogeneous processors. Systems
based on network of workstations or PC clusters are
good examples of such systems [1,2,17,18]. The work-
stations may differ in processor speed, amount of
memory and the speed and the number of attached
disks. A practical example is given in [18] where a PC-
cluster-based parallel database was used with hetero-
geneous processors. Moreover, the commodity inter-
connections such as Myrinet or ATM switches make
pipelining a practical way and sometimes the only way
to speed up query execution [2,17].

To the best of our knowledge, heterogeneity of
resources has not been considered before in the context
of the problem that we are dealing with. In this paper,
we define POT scheduling on processors with different
fixed speeds (called uniform processor system [12].).
First, we extend LocaLCuts and BouUNDEDCUTS
algorithms for two uniform processors with lower
worst-case performance ratio compared to the homo-
geneous case. We then extend LocAaLCuTs heuristics for
a more frequently occurring case of the problem (which
is described later) with the worst-case performance ratio
lower than the homogeneous case. We also propose an
algorithm based on the LocaLCuTs heuristics to solve
the problem in the general case and prove that the
algorithm has a constant bound on its performance
ratio. Experimental results show near-optimal average
case performance ratios for all of our algorithms.

The organization of this paper is as follows. An
overview of the model and problem definition are

discussed in Section 2. In Section 3, we present our
POT scheduling algorithms for a system with two
uniform processors. The solutions for POT scheduling
on an arbitrary number of uniform processors are
presented in Section 4. Section 5 includes experimental
results which follows with conclusions and future works.

2. The model and problem definition

The following definitions are based on earlier models
presented in [4,14].

A POT is represented as a weighted operator tree # =
(V, E). The weight p; of the node k is the time to run the
operator in isolation assuming all communications are
local. The weight ¢; of the edge from node k to node j is
the additional CPU overhead that both k and j will
incur for interoperation communication if they are
scheduled on different processors. A schedule of 2 on p
processor is a partition of V| the set of nodes, into p sets
Fi, ..., F, such that set F is assigned to processor k. The
load of processor k, denoted by L, is the cost of
executing all nodes in Fj; plus the overhead for
communicating with nodes on other processors. That
i8, Li = e, 1+ 2i¢p, Gl Lmax 1s maxi<k<p Li.

In order to schedule the POT, two operations are used
to modify it: Collapse( k,j) is to replace adjacent nodes k
and j by a single node k' having weight of 7 = 1 + ;.
Edges connected to either k or j are connected to k'
instead. Operation Cut( k,j) is to delete edge ¢;; and add
its weight to those of node k and j. For example, in Fig.
2 the operations Collapse(a, c¢), Collapse(c,d), Cut(a,b),
and Cut(c,e) have been performed. Collapse and cut
operations should be interpreted as decisions to allocate
nodes to the same or distinct processors, respectively.
An edge ¢;; is called worthless if and only if cxj=pr +
D1z Cki OF C=pj+ > ¢i- As shown in [14] for a
homogeneous case, each POT can be converted into a
POT with no worthless edges, called monotone tree, by
collapsing all its worthless edges. The monotone tree can
then be scheduled. In a monotone tree, we use the
following notations: Ry = pix + Z,e y Ckj, R=max Ry,
and W:ZkeV Pk- ‘
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(a) The original POT (b) Fragmentation  (c) Scheduling

Fig. 1. The two-stage approach: (a) the original POT; (b) fragmenta-
tion; (c¢) scheduling.
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Our algorithms are based on a two-stage approach
([4], Fig. 1) which the following phases are performed:
fragmentation, and the actual scheduling. This approach
allows us to reuse classical multi-processor scheduling
algorithms. In the fragmentation phase, the tree is
partitioned into connected fragments by cutting some
edges. The edges that are left are collapsed. Fragmenta-
tion produces a set of fragments that are ready to be
scheduled independently. The scheduling phase assigns
the fragments produced by the first phase. Let M;
be cost of a fragment Fy. Then, My =3 5 [p;+
> 1¢r, ¢i)- The weight of the heaviest fragment is
denoted by M. Clearly, based on the definition of the
monotone tree, R is a lower bound for M. C is the total
communication cost incurred in a fragmentation which
is twice the sum of the weights of the cut edges. So the
total load L is W + C. In the algorithm presented,
superscript % is used to denote the quantities in the
optimal scheduling.

The problem that we solve is defined as follows. In a
uniform processor system, the processors my, ...,m,
have relative speeds of 51 <5 <--- <s,. We assume that
these speeds have been normalized such that s; = 1 and
sp=1, 2<k<p. POT scheduling on a uniform proces-
sor system is to find a schedule with minimum response
time of 7" = max;<k<, I;—: Obviously, POT scheduling
on uniform processors is also NP-hard. It is easily
shown that we can collapse the worthless edges in the
uniform processor case as well.

Theorem 2.1. Given a uniform processor system and a
POT 2 with worthless edge ei;. There exists an optimal
schedule of 2 for these processors in which k and j nodes
are assigned to the same processor.

3. Two uniform processor scheduling

We use the same two-stage approach. For scheduling,
we apply LPT algorithm as has been used for the
identical (homogeneous) case. LPT algorithm for the
uniform processor system [12] assigns tasks to proces-
sors in the decreasing order of their processing times. A
task is taken from this list and is assigned to a processor
whose finishing time is the earliest. We first find a
relationship between fragmentation phase and the LPT
schedule. Then, we extend previous algorithms of the
identical case.

3.1. Analysis of two-stage approach

As mentioned before, the fragmentation is done using
collapse and cut operations. Clearly, heavy fragments
increase load of processors and light fragments increase

the communication cost of the edges cut. Therefore, a
trade-off should be found for these effects.

Lemma 3.1. Consider a fragmentation with M <kiLX,,
and L<k,L* (ky and k> are real values >1). Scheduling
the produced fragments by LPT on two uniform pro-
cessors yields a schedule with T /T* <max(ky,1.5k).

Proof. Let m; denote the processor that finishes last,
and M the lightest fragment assigned to m;. Since LPT
is used, M} must be the last fragment assigned to m;. We
can remove all fragments which are lighter than M;
from the produced schedule without any change in T.
Since T is fixed, there is no change in the performance
ratio. Clearly, L', the total load of the new set of
fragments, is less than or equal to L, and the weight of
the largest fragment M remains unchanged. For
different values of k, the following cases occur:

1. If k=2, from the definition of LPT, and scheduling
M., we have

L}-i-Mk 2
VI<i<2:T<2——=T7(Y 5
S —
. j=1

/!
< Z; L} +2My,
p=

in which L; is the load of m;, when M is scheduled.
Since Zle L;=L'— M and L'<L'<k,L*, we have,

T<k2L*/Ef:1 sj + M/ Zj:l Sj-

Because L*/Zf:l s;<T*, we get T<hkoT* +
MeT*. And thus T<hkoT* +8YM 7% Since M is
the lightest task in the schedule, we have L'>kM;.
Therefore, T<koT* +%T*. Thus, T<15kT*
<max( ki, 15k2)T*

2. If k=1, My will be assigned to processor with
maximum speed. Therefore, Ts%. From assumption
of lemma, we conclude that T<kLX /1<
le*gmax(kl,l.SkZ)T*. O

Algorithms are thus needed for fragmentation of the
POT with minimum values of k; and k.

3.2. Modification of previous algorithms

We modify LocaLCurts algorithm based on our
analysis for two uniform processor case. LOCALCUTS
repeatedly picks up a leaf and determines whether to cut
or collapse the edge from the leaf to its parent. It selects
a proper operation based on ratio of the leaf weight to
the weight of the edge to its parent. If the ratio is greater
than an input parameter o> 1, it will cut the edge, since
this operation does not considerably increase the weight
of the resulting fragments. If the ratio is less than o, the
leaf is collapsed to the parent node. This is because the
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weight of the parent node will not increase substantially.
In the algorithm, a mother node is defined as a node all
of whose children are leaves. In the algorithm that
follows, we choose a proper value for o based on
Theorem 3.1.

ALGORITHM 1 (LOoCALCUTS ALGORITHM).

while there exist a mother node m with child j
if p;>oacjy,
then Cut(j,m)
else Collapse(j,m)
end while

Theorem 3.1. The worst-case performance ratio of
LocaLCuts followed by LPT for scheduling on two
uniform processors is 3.

Proof. We have C<2/(x— 1)W in LocaLCuTts algo-
rithm [4]. Therefore, L= W + C<XW. Since
W<L*, then L<E}L*. We also have M <aR for
LOCALCUTS fragmentation [4]. Using Lemma 3.1, we
get L <max(o, 1.524).

Because 1.5% “*1 is strictly decreasing in o and « is itself
strictly i 1ncreasmg in o, minimizing the right-hand side of
the above inequality gives us o = 1.5 ““ , which leads to
o = 3. Thus, the worst-case performance ratio of the
algorithm is also equal to 3. [

We can show that this performance ratio is tight with
scheduling a POT similar to the example in [4] on two
processors with equal speeds.

The second algorithm that we modify is BOUNDED-
Cuts. If R is small compared to M*, LocaLCuTs
may cut expensive edges needlessly (maximum weight
of fragments produced by LocaLCuTS is bounded by
oR). This was the reason Chekuri, et al., modified
LocaLCuTs using a uniform bound B at each mother
node. The new algorithm, BouNDEDCuUTS, fragments
POT based on three parameters «, f3, and B that satisfy
B=a>1 and L* <B<(1+4¢)L*e>1. This algorithm
cuts off light edges in a manner similar to LocaLCuUTS.
But it collapses edges based on oB bound. The reader is
referred to [3] on how the value of B is chosen.

ALGORITHM 2 (BOUNDEDCUTS ALGORITHM).

while there exist a mother node m
Partition children of m into sets Ny, N, such that
child je N, iff £ >ﬁ
Cut(m,j) for all]eNl
then Collapse(m, ) for all je N,
else Cut(m,j) for all je N,
end while

We now extend BOUNDEDCUTS algorithm choosing
the proper value for o and f.

Theorem 3.2. The worst-case performance ratio of
BouNDEDCUTS followed by LPT algorithm for scheduling
on two uniform processors 2.35(1 + ¢).

Proof. From [4] we know, CsﬁW—&—g%fC* for
BounDEDCuTs algorithm. Since L = W + C, we have,

L<max(£+1,ﬂ ) Bal
From [4], we know that M <(1 +¢)alX . Using

Lemma 3.1, we get, 75 <max((1 +¢)a, 1. Sgﬂ,l 50,

Because 1.5?%} is strictly decreasing in B,I.SH is
strictly increasing in § and decreasing in o, and (1 + ¢)a
is strictly increasing in o, in order to minimize the right-
hand side of the above inequality, the values of these
functions must be equal. We thus have o= 2.35
and f =4.51. Therefore, the performance ratio is
(1+¢)2.35 0O

Similar to [4], we can prove the performance ratio of the
algorithm is tight.

4. P-uniform processor scheduling

In this section, we first extend LocALCUTS heuristic
followed by LPT algorithm for a frequent case of the
problem. We then prove that the combination of
LocaLCurs followed by any scheduling algorithm with
a constant bound on its performance ratio (i.e., LPT or
Multifit [9]), provides a performance ratio with a
constant bound.

4.1. The frequent case

If W is distributed approximately uniformly
among nodes of the POT, maximum degree is consider-
ably less than the number of nodes n, and also p<n, we
can prove that LocaLCurts followed by LPT has the
worst-case performance ratio in the interval of
[3-- 3+‘/_) These conditions often occur in scheduling
parallel database queries. In such cases, POT is usually a
binary or at most 3-ary tree [13] and the costs of pipe-
lined operations do not differ very much. This is because
the heavy operators are usually partitioned among some
processors (partitioned parallelism). Many of the
parallel database applications such as data mining
systems often process sophisticated queries whose POTs
have high number of nodes. These conditions on a POT
can be depicted mathematically as W=2(p — 1)R

Lemma 4.1. Assume a uniform processor system with p
processor and a POT 2 in which L* >2(p — 1)R. If a
fragmentation algorithm fragments 2 such that M <k R
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and L<k,L* | applying LPT on the produced fragments
gives a performance ratio of max( ki, (2 — %)kz).

Proof. Similar to proof of Lemma 3.1, we first eliminate
all fragments lighter than Mj; from the schedule
produced by LPT. As explained before, this does not
change the performance ratio of the schedule and M,
and also may decrease the total load L’. Based on the
definition of LPT in time of scheduling M), we have,

Li+My

ViSj<p:T<-
J

L is the load of processor m; when M is scheduled.
Similar to case 1 in proof of Lemma 3.1, and summing
up the above p inequalities, we conclude that

L — 1) M,

re K =DMy
28 s

Based on the values of k, we have the following cases:

1. If k=p, similar to proof of Lemma 3.1, it can be

proved that T<k,T* + 202 7% Since k>p, we have
T<kyT* + =02 7% Then, T<ky(2 — H)T*.

2. If k<p, we have L' = Y5 | M;< Y2~ M;. Since
M is the heaviest fragment, we have L'<(p — 1) M.
Thus, T<M+M. And because M; <M, we

S; Sj
j=1 " =1 "7

conclude that T<2(p — 1)M/ Zle s;. From the as-
sumption of lemma, we have 7<2(p — DkiR/ 320, 5.

From L* >2(p—1)R, we conclude that T <<~

P )
ST
j=1

which leads to T<k,T*.
Therefore, for the general case we
r<max(ki, (2 - )k)T*. O

have,

Now we can prove the following theorem regarding
the performance ratio of LocaLCurts followed by LPT.

Theorem 4.1. The worst-case performance ratio of
LocaLCurts followed by LPT for scheduling the POT
P, in which W=2(p—1)R, on a_uniform processor
system lies in the interval of [3%ﬁ)7 depending on the
number of processors.

Proof. Because of W<L*, we can use Lemma 4.1.
Similar to the proof of Theorem 3.1, we can prove that

<33 —[%4—,/17 +I§—%), by selecting o« = 1(3 —%—i—

17 + [% — ]’70). This performance ratio always lies in the

interval [3---3Y17). [

We can calculate the value of W and R in linear time
to test conditions of the input POT and apply the above
algorithm. Similar to the previous case, we can show
that this performance ratio is tight.

4.2. The general case

To solve the problem in the general case, a mapping
between the optimal and an arbitrary schedule is used.

Lemma 4.2. Suppose that there exists a mapping function
f from fragments produced by a fragmentation n of the
POT 2 to fragments of the optimal schedule, such that it
satisfies the following conditions:

1. f is total on its domain, and

2. for all F (k=1), such that f(F) = Fj*(jzl), we
have %Tkgr (r>0).

J

Then, scheduling the fragments of © using an uniform
processor scheduling algorithm, Ag, with the worst-case
performance ratio of ¢ has performance ratio less than or
equal to re.

Proof. First, we make a schedule S; from the optimal
schedule n. Each Fj fragment of = is assigned to the
processor that f(F;) has been assigned to in the optimal
schedule. Because of totality of f, we can schedule all
fragments of 7 in this manner. From our assumption, if
T, is the response time of S;, we have TT—,‘(<r. Clearly,
if Tl* is the response time of the optimal schedule of
fragments produced by 7, we have T1* < T). Therefore,
scheduling these fragments by A; yields a response time
of T<8T1* <eT;. Then T%Srs. O

So an algorithm is needed for fragmentation such that
we can define a function with the above condition with
constant and minimum value of r. The following
theorem proves that LocALCUTS heuristics satisfy the
above conditions and provides a constant value for r.
We first need the following definition.

Definition 4.1. The main node of a fragment F is a node
whose parent does not belong to F. The main node of F
is denoted by u(F).

In other words, the main node of a fragment is the
highest level node in that fragment. Clearly, every
fragment has one and only one main node.

Theorem 4.2. The worst-case performance ratio of LOCAL-
Curts followed by the uniform processor scheduling algo-
rithm that has the worst-case performance ratio of ¢ is 8.

Proof. We define relation f from fragments of LOoCAL-
CuTs to those of optimal solution such that f(Fy) =
F*, if and only if u(F%) belongs to F;. Clearly, f is a
total function on its domain because each fragment of
LocaLCurts has one and only one main node and each
node of the POT belongs to one and only one fragment

in its optimal solution.
The value of r = %Tk, such that Vk f(Fy) = FX,

is maximized when Y Mj is maximized and Mj* is
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minimized. Assume that f maps n fragments Fi, ..., F,
to one fragment F;* . Because of the definition of f, F*
must have at least n nodes. Fy, ..., F, must be connected
because they are mapped 1nt0 a fragment. M; * s
minimized, if Fj* cuts all incident edges of the mam
nodes of Fi, ..., F,, except those edges that connect the
main nodes to each other (see Fig. 2). This is because the
POT is monotone and for every edge e, we have,
i <Ry — ¢y Mj* is also minimized if F* collapses all
edges which connect u(F), ..., u(F,) to each other as is
shown in the figure. We therefore have, > }_, My =

ey M+, pi+ Y, @), in which my is the
weight of ,u(FkS7 p; is the weight of the child node j of
u(Fy) that belongs to Fy, and ¢; is the weight of the
connecting edge between fragments incident u(Fy). For
each boundary node j of F, we assume that m; and p;
are the sum of node weights plus the weights of all edges
incident to j that are not in Fj.

Because Fi, ..., F, form a subtree, and each connect-
ing edge between Fy and F; is considered for computing

the cost of both Fi and F;, we have, > ; , M) =

a1
Shor e+ 50 pl + 23000
Since connecting edges are cut by LocALCuTS, we have

n n q n
S Me<> e+ > p +%ZM/<-
k=1 =1 = =

Let a>2 so

n

TS

k=1

q
my + Z Pj] .

For M* we have, =200 e+ 300 ¢l

which c] is the welght of the cut edge j 1nc1dent to
u(Fy). Note that j cannot be a connecting edge between

the main nodes. Since these edges are collapsed by

LocaLCuts, we have M* > 370 [mi + 11, pjl.
To compute the ratio, we have

D el Mk Dok e+ 301 1l’/]< o )< o?
MX* Zkl[’”k+ Slip\e—2/ a—2

The above ratio is minimized when o =4, and the
minimum value of r is 8. This completes the proof. [

For the scheduling phase, MULTIFIT algorithm can be
used, since its worst-case performance ratio is 1.3 [9].

F Fy

boundary 3
node 7,

Fig. 2. The mapping between LocALCUTS and optimal fragmentation.

Corollary 4.1. The worst-case performance ratio of
LocaLCuts followed by MULTIFIT algorithm for sche-
duling on a uniform processor system is 10.4.

We can also use the PTAS of Hochbaum and
Shmoys [15].

Corollary 4.2. The worst-case performance ratio of
LocaLCurts followed by the PTAS of the uniform
processors  scheduling of Hochbaum and Shmoys is
8(1 +e).

The first algorithm is more practical compared to the
second one. Because MULTIFIT takes O(nlogn), PTAS

10
has a high running time of O(n2 ™).

5. Experimental results

Experimental simulation has been used to analyze the
average case performance ratios of our proposed
algorithms. We basically used the same model as in
[13] with some modifications.

The trees that are generated randomly for our
simulation are specified by four parameters: Shape,
Size, EdgeRange, and NodeRange. Shape is the max-
imum number of children of a node in the tree. Two
main classes of tree shapes are called narrow and wide.
Narrow trees are binary trees, but wide trees can have
any number of children for a node. Narrow trees are
commonly encountered in practice. EdgeRange and
NodeRange are ranges from which the weights for edges
and nodes could be chosen. Size is the number of nodes
in a tree. From the trees randomly generated, we only
selected those that are monotone.

Each processor system is specified by two parameters:
SpeedRange and SpeedDistribution. SpeedRange is
the difference between the slowest and the fastest pro-
cessors. All other speeds are chosen in this range.
SpeedDistribution is the distribution of speeds of
processors.

We chose 30 for Size parameter and [1...100] for both
EdgeRange and NodeRange. Other values did not yield
new results. Reported performance ratios are the
average values for 2500 monotone trees generated with
these parameters. We also chose a small value (3) for
SpeedRange and uniform distribution for SpeedDistri-
bution; these values are common in practice. We tested
our algorithms with different values of SpeedRange and
SpeedDistribution. This slightly changed the average
case performance ratios, but did not change the relative
order of the performance of the algorithms.

Computating the optimal schedule is very time
consuming. We therefore used the maximum values of
the two lower bounds of the optimal solutions for the
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optimal values. These two bounds are % and —&— as

described in the paper. e

Figs. 3 and 5 depict the performance ratios of the
BouNDEDCUT algorithm for narrow and wide trees,
respectively, and for a number of processors from 2 to
30. Similar plots for LocaLCuTs algorithms are shown
in Figs. 4 and 6. The experimental result for this
algorithm has been computed for three different values
of o (3,53 = ;+ /17 +; =), and 4) which are also
shown. For the first two values of «, we have used LPT
scheduling algorithm, and we have used MULTIFIT for
the last.

The analysis of the results is as follows. We know that
the first lower bound mentioned before is close to the
optimal response time when the number of nodes is
considerably greater than ) s. This can also happen
when the number of nodes is greater than the number of
processors for a specified SpeedRange. This case is
shown in the left regions of the experimental plots. The
other lower bound is also close to the optimal response
time when the number of nodes is less than or
approximately equal to the number of processors for a
specified SpeedRange. The right regions of the plots
demonstrate this case. The middle regions of the plots
show that the mentioned lower bounds are not good
estimates for the optimal solution. Therefore, our plots
show some increase in the performance ratios in the
middle region. We can conclude that, for wide trees, ﬁ
is a better estimate for the optimal response time than
that for the narrow trees. This is because R is closer to
M™ in wide trees. This results in the fact that the middle
regions of the plots for the wide trees are narrower than
those for the narrow trees.

From the first two plots, we can conclude that the
average performance ratios of the BOUNDEDCUTS
algorithm are very close to the optimal values and are
in many cases smaller than other three LocALCuUTS
algorithms. It is also observed that this algorithm’s
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performance in the right region is much better than
those of other algorithms. The reason is that the
algorithm generates lighter-weight fragments in this
case compared to others.



A. Termehchi, M. Ghodsi | J. Parallel Distrib. Comput. 63 (2003) 630-637 637

We have also tested BOUNDEDCuUTS for some other
values of ¢ in the interval of [0.1...0.01], but no
considerable changes in the performance ratios were
observed.

From these experimentations, we conjecture that the
worst-case performance ratio of BOUNDEDCUTS is about
3 for the general case.

For LocaLCurts, we formally proved that its perfor-
mance ratio is at most ¢ (;7722)7 e=1. We experimentally
observe that the actual average case performance ratios
of all versions of LocaLCuTs are close to the optimal
values.

Other observation is that for the small values of o,
LocaLCurts generates lighter-weight fragments which
results in smaller performance ratios in the right region
and larger performance ratios in the left region. This
helps us select the appropriate values for o in different
regions. The borderlines between the regions is deter-
mined by experimentation. We believe that this will
improve the algorithm even further.

6. Conclusions

In this paper, we studied the heterogeneity of
resources in parallel query scheduling. This is an
important concern and has not been considered in
previous similar works. We introduced the POT
scheduling on the uniform processor system and
proposed approximation algorithms for some special
cases of the problem as well as for the general case. We
showed that our algorithms have constant bounds on
their worst-case performance ratio. The performance
ratios of these algorithms, even for the general case, are
shown by experimentation to be near optimal on the
average.

This problem can be extended in many ways any other
properties of the parallel database systems can be taken
into account for these problems. On heterogeneous
network of workstations, for example, heterogeneity of
other resources and consideration of the propagation
delay time between workstations are important. Some
preliminary results can be found in [19]. Further work
on this is underway.
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